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Abstract

Globally, ocean climate is changing at unprecedented rates. Shifts of 
species distribution towards the northern latitudes are evident in 
many seas. The Northern Indian Ocean is warming at an alarming 
rate as compared to the other oceans. The increased rate of warming 
will cause substantial responses in the distribution of the pelagic fish 
species. Many fishes of the family Clupeidae form the mainstay of 
the marine fisheries of the countries bordering the Northern Indian 
Ocean. Nematalosa nasus is one of the important pelagic fish found 
in the region. This study tries to understand the distributional shifts 
of this species from the region in two future climate scenarios (RCP 
6.0 & 8.5). The results indicate a higher influence of the current 
vector and mean temperature on the distribution of this species. A 
northward shift in the distribution range is observed in both the 
future scenarios as compared to the predicted current distribution.
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Introduction

Climate change is undoubtedly an alarming crisis that our 
planet is facing. The global ocean temperature will keep rising 
throughout the 21st century due to the climate change and the 
greatest warming is expected for the surface waters of the tropics 
and subtropical regions of the Northern hemisphere (IPCC, 
2014). Ocean temperature trend is not uniform throughout the 
globe, but it shows a positive anomaly in almost all regions 
where the northern hemisphere holds the highest anomaly 
(Bahri et al., 2019). Climate change negatively influences the 
marine ecosystems by rising temperature, reducing productivity, 
distorting food webs, reducing oxygen, ocean acidification 
and shifts in species distribution (Hoegh-Guldberg and Bruno, 
2010). Cheung et al. (2010) observe that the fish catch has 
increased tremendously in high latitudes by 30 to 70% whereas 
the tropics witnessed a decline in catch by 40%. Distributional 
shifts towards higher latitudes are commonly recorded in marine 
organisms, as the physiology, reproduction, and dispersal of 
marine species are strongly susceptible to temperature and 
ocean current patterns (Poloczanska et al., 2013).

Clupeidae is the most valuable family of food fishes in the 
world (Royce, 1996; Bani et al., 2019). Clupeids contribute 
significantly to the world’s protein resources and benefit countries 
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that import fish for animal feed and also to the economies of 
maritime nations (Blaxter and Hunter, 1982). Clupeidae contains 
58 genera and 239 species of fish that are mainly marine and 
tropical (Frick et al., 2020). In upwelling regions around the 
world, a few species of clupeids form a major single or dual-
species fishery (Whitehead, 1985). Nematalosa nasus, commonly 
known as the Bloch’s gizzard shad, is an anadromous clupeid 
fish that occupies marine, pelagic to neritic environments 
(Riede, 2004). This fish is mainly distributed in the Indo–Pacific, 
the western (Taher, 2010) and eastern (Mohsin and Ambak, 
1996) Indian ocean and western central to north-west Pacific 
Ocean (Whitehead, 1985) and it formed one of the important 
commercially exploited fishes in India (Talwar and Kacker, 
1984; Mukherjee et al., 2016). N. nasus population across the 
southeast Arabian Sea is reported to have protracted spawning 
period with the post-monsoon season as the peak spawning 
month (Ramya et al., 2016)

Several reports show evidence of northward shifts among different 
species among clupeids (Vivekanandan et al., 2009; Supraba et 
al., 2016). Predictions on such changes in distributions can help 
us to take proper management actions (Molinos et al., 2016). The 
Northern Indian Ocean (NIO) is considered to be one of the regions 
which is facing an accelerated rate of increase in sea surface 
temperature (Roxy and Gnanaseelan, 2020). Species distribution 
modelling is a potential tool for estimating the impact of climate 
change on geographical distribution (Beaumont et al., 2008). 
Being pelagic, N. nasus is also expected to undergo distributional 
changes due to climate change though small pelagics especially 
clupeids are known to be more resilient than other marine fishes 
(Hutchings, 2000). Species distribution modelling of this group 
under different climate change scenarios can throw light to the 
future ranges of fish distribution and can help fishery managers 
immensely to make informed decisions to keep the fisheries 
sustainable. This study aims to assess the changes in the spatial 
distribution of this species in the NIO in future climate scenarios 
using a species distribution model.

Material and methods

Study Area

The geographical extent of the study area is limited to the NIO 
(0⁰ to 32 ⁰N, 31⁰ to 100 ⁰E). It is the warmest region among the 
tropical oceans (Roxy et al., 2016) and its landlocked nature 
(Wafar et al., 2011) makes it peculiar to study distribution of 
inhabitant fishes.

Data

The occurrence data of N. nasus were collected and compiled 
from the open-access database – Global Biodiversity Information 

Facility (GBIF). The current environmental variables and 
those for Representative Concentration Pathways (RCP) 
6.0 and 8.5 selected were (Sea Surface Temperature (SST) 
mean, SST maximum, SSS mean and Ocean Current. The 
SST mean and maximum data of 4x4 km resolution were 
taken from the ocean color database of NASA (Feldman and 
McClain, 2010). Sea Surface Salinity (SSS) data with 1/4 x 
1/4-degree resolution of Simple Ocean Data Assimilation 
ocean/sea reanalysis (SODA) (Carton et al., 2018) and ocean 
current velocity from HYCOM Global with 1/12-degree 
spatial resolution (Bleck, 2002) were utilised. The projection 
of each layer is made up of GCS WGS 1984 coordinate 
system using ArcGIS software and clipped to the extent 
identical to the study area. This is then interpolated with 
Inverse Distance Weighting (IDW) using a mask polygon. The 
rasters were resampled to uniform resolution (9 x 9 km). All 
the files were converted to ASCII in ArcMap.

Species distribution modelling

The species distribution is done using the maximum entropy 
model (Maxent). Maxent is a machine learning approach that 
uses the present location of species as input, known as presence 
only data (Merow et al., 2013). Maxent is one of the most 
widely used techniques for asserting environmental tolerance 
and species distribution from occurrence data (Warren and 
Seifert, 2011). Maxent also draws pseudo-absence points to 
the environmental variables to overcome the lack of absence 
points (Gomes et al., 2018). In this study, we created the bias 
file using R software to limit the area for background selection 
and thereby reducing the sampling bias. The model evaluation 
is carried out using the ENMeval package in R and finalised 
the model settings with appropriate regularization multiplier 
and feature class combinations. The area under the receiver 
operating characteristic (ROC) curve or Area under the curve 
(AUC) provides a single measure of model performance. The 
maximum achievable AUC is 1 and the higher value of AUC 
indicates that the model can accurately differentiate between 
presence and potentially modeled location (Merow et al., 2013). 
Species distribution is estimated with probability varying from 
0 to 1 where zero represents the lowest and one is the highest 
probability of occurrence (Bagheri et al., 2017).

Results

Model Evaluation

The area under the curve value for the model is 0.810 with 
standard deviation of 0.060 (Fig. 1). The model prediction for 
the current distribution shows current velocity as the greatest 
percentage contributor with value 73.5 and permutation 
importance 50.3. Mean temperature, maximum temperature 
and salinity contributes 13.3%, 8.2% and 3% respectively  
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Fig. 1. The average sensitivity vs. 1- specificity graph for N. nasus showing the mean AUC and standard deviation for the predicted current 
distribution

Fig. 2. Jackknife test showing the AUC values when a variable is used in isolation or the variable is excluded from the model

(Table 1). Jackknife test reveals that current velocity has the 
highest gain among all parameters when used in isolation (Fig. 2).

Predicted distribution

The predicted current distribution is mainly concentrated in 
the western coast of India, northern Bay of Bengal, Andaman 

Table 1. Table showing the percentage contribution and permutation importance of 
each environmental variable for the predicted current distribution

Variable Percent contribution Permutation importance

Current 73.5 50.3

Mean Temperature 13.3 25.8

Max Temperature 8.2 14.8

Salinity 5 9.1

Average Sensitivity vs-1-Specificity for Nematalosa nasus 

Jackknife of AUC for Nematalosa nasus
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Fig. 3. Map showing the predicted current and future distributions of 
N. nasus

Sea, Persian Gulf, Red sea etc. with >85% probability (Fig. 3).  
The predicted distribution for 2040-2050 considerably decreases 
as that of the current distribution and the probability of 
distribution decreases from RCP 6.0 to RCP 8.5 with probability 
50% to 75% (Fig. 3). The extent also shows a gradual decrease. 
The AUC values for RCP 6.0 and 8.5 are 0.759 (SD 0.044) and 
0.770 (SD 0.063) respectively (Fig. 4). Current velocity shows 
the highest test gain when used in isolation among all the 
other environmental variables. It is also the one environmental 
variable that has the maximum percent contribution in both 
RCPs. The predicted distribution for 2090-2100 shows a further 

decline in the extent as well as in the probability of distribution 
(50-70%) (Fig. 3). The AUC values for RCP 6.0 and 8.5 are 0.810 
(SD 0.087) and 0.772 (SD 0.066) respectively (Fig. 4).

Discussion

Global oceans are warming at 0.11o C per decade (Rhein et al., 
2013) and the Northern Indian Ocean has the maximum rate of 
increase in sea surface temperature (Beal et al., 2020). Ocean 
warming has immense effects on the pelagic fishes than the 
demersal ones (Johnson et al., 2018). Pelagic fishes may make 
poleward shifts in their distribution as a response to an increase 
in the ambient temperature (Poloczanska et al., 2013; Rougier 
et al., 2015). Currently, such distributional shifts of many of 
the pelagic species including the Clupeids that forms some of 
the major fisheries in the region are not known.

The species distribution modelling has an important role in 
tackling the problem during scenarios where shifts in marine 
fishes had led to ambiguous knowledge on the existing 
distribution of marine fishes (Marshall et al., 2014). It is a 
potential tool for estimating the impact of climate change on 
range shifts (Beaumont et al., 2008). In the past three decades, 
there have been many developments in the field of species 
distribution modelling, and multiple methods are now available. 
Most of them require systematic abundance data produced by 
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formal surveys. However, when such data is sparse, such as in 
the case of N. nasus from our study region, Maxent will be an 
excellent option that can model presence-only data (Phillips et 
al., 2006; Phillips et al., 2009; Wang et al., 2018).

Bloch Gizzard shad is one of the commercially important 
fish belonging to the clupeid family (Laj, 1987; Froese and 
Pauly, 2020). Climate change causes variations in ocean 
conditions such as ocean currents, water temperature, and 
coastal upwelling that adversely affect marine productivity 
(IPCC, 2007). Species richness inside the assemblage is also 
altered, due to the changes in habitat quality caused by 
climate change (Wilson et al., 2008). In our study, we tried to 
predict the current and future distribution of N. nasus in the 
Indian waters. Using the maxent model, the major regions 
of the current distribution is predicted as the Bay of Bengal, 
Andaman Sea, western coast of India, the Persian Gulf, Red 
sea. However, the future distribution of the same species in 
Indian waters shows gradual decline throughout all the RCPs. 

This points out the substantial influence of the future state of 
climate change on this pelagic species.

Our results also indicate that the most important factor triggering 
the current and future distribution for this species is the current 
velocity. Guided by in situ observations, reanalysis products, and 
model experiments, Hu et al. (2020), Voosen (2020) showed 
that, driven by an increased surface wind velocity, there occurred 
substantial total kinetic energy of global ocean currents over 
the past two decades and is expected to continue in the future. 
Many studies have been conducted to evaluate the effects of 
current velocity on microfauna and fishes on riverine ecosystems 
(Neilson et al., 2010; Rosenfeld et al., 2011; Clark et al., 
2013; Mu et al., 2019). However, studies on the variations of 
environmental parameters like ocean current on the distribution 
of marine fish species due to climate change are scarce. Our 
results offer scope for further studies on the effect of current 
velocity on marine fish distribution.

Fig. 4. The average sensitivity vs. 1- specificity graph for N. nasus showing the mean AUC and standard deviation for the predicted future distributions.  
a) 2040-50, RCP 6.0; b) 2040-50, RCP 8.5; c) 2090-00, RCP 6.0; d) 2090-00, RCP 8.5
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Average Sensitivity vs-1-Specificity for Nematalosa nasus Average Sensitivity vs-1-Specificity for Nematalosa nasus 

Average Sensitivity vs-1-Specificity for Nematalosa nasus Average Sensitivity vs-1-Specificity for Nematalosa nasus 
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The mean temperature is the other factor generating the 
species shift. Many researchers (Brander et al., 2003; Muhling 
et al., 2017) have already described the changes in the spatial 
distribution of pelagic fishes due to an increase in sea surface 
temperature. Vivekanandan et al. (2009) observed the poleward 
shifts of yet another major clupeid in the region, the Indian 
Oil Sardine (Sardinella longiceps), due to the warming of 
the tropics. As compared to the current vector, temperature 
and salinity was observed to have a lesser influence on the 
distribution. The fact that N. nasus is a euryhaline species 
and is observed even in the estuarine waters indicates that 
this species has a higher capacity to withstand changes in 
the salinity in the future.

N. nasus, being an economically valued species among the 
clupeids, assessing its shift in distribution due to climate change 
also has a huge significance in clupeid fisheries. This study 
shows the potential distribution in current and future scenarios 
of N. nasus and thereby delineating boundaries and planning 
management strategies accordingly. Our study concludes that 
N. nasus is a pelagic species that is highly vulnerable to the 
effects of climate change. It is a common fact that the exploited 
fishes unveil subsequent responses in accord with both catch 
induced and climate-induced impacts (Nye et al., 2009). The 
consequent response of marine fish to climate change is its shift 
in distribution (Frank et al., 1990). However, the landlocked 
nature of the NIO, will limit such possibilities and hence, the 
lack of chances of redistributions may erase the local population 
in the region.

Acknowledgements

We are grateful to Dr A. Gopalakrishnan, Director, ICAR-CMFRI, 
Kochi for the facilities and encouragement during this study. 
Authors are also thankful for the Vice-Chancellor of Kerala 
Agriculture University for the support.

References
Bagheri, H., A. Ghorbani, M. A. Zare Chahouki, A. A. Jafari and K. Sefidi. 2017. 

Halophyte species distribution modeling with Maxent model in the surrounding 
rangelands of Meighan Playa, Iran. Appl. Ecol. Envi. Res., 15(3): 1473-1484.

Bahri, T., M. Barange and H. Moustahfid. 2019. Climate change and aquatic systems. 
Impacts of climate change on fisheries and aquaculture. Rome: Food and 
Agriculture Organization of the United Nations.

Bani, A., S. Khataminejad, H. R. Vaziri and M. Haseli. 2019. The taxonomy of Alosa 
caspia (Clupeidae: Alosinae), using molecular and morphometric specifications, in 
the South Caspian Sea. Eur. Zool. J., 86(1): 156-172.

Beal, L. M., J. Vialard, M. K. Roxy, J. Li, M. Andres, H. Annamalai and V. Parvathi. 2020. 
A roadmap to IndOOS-2: Better observations of the rapidly-warming Indian 
Ocean. Bull. Amer. Meteor. Soc., p. 1–50.

Beaumont, L. J., L. Hughes and A. J. Pitman. 2008. Why is the choice of future climate 
scenarios for species distribution modelling important? Ecol. lett., 11(11) : 1135-
1146.

Blaxter, J. H. S. and J. R. Hunter, 1982. The Biology of the Clupeoid Fishes. Adv. Mar. 
Biol., 20: 1–223.

Bleck, R. 2002. An oceanic general circulation model framed in hybrid isopycnic-
Cartesian coordinates. Ocean Model., 4(1): 55-88.

Brander, K., G. Blom, M. F. Borges, K. Erzini, G. Henderson, B. MacKenzie, H. Mendes, 
J. Ribeiro, A. M. P. Santos and R. Toresen. 2003. Changes in fish distribution in 
the eastern North Atlantic: Are we seeing a coherent response to changing 
temperature? ICES Marine Science Symposia, 219: 261-270.

Carton, J. A., G. A. Chepurin, and L. Chen. 2018. SODA3: A new ocean climate 
reanalysis. J. Clim., 31(17): 6967-6983.

Cheung, W. W., V. W. Lam, J. L. Sarmiento, K. Kearney, R. E. G. Watson, D. Zeller and 
D. Pauly. 2010. Large‐scale redistribution of maximum fisheries catch potential in 
the global ocean under climate change. Glob. Change Biol., 16(1): 24-35.

Clark, J. M., M. W. Kershner and J. J. Montemarano. 2013. Habitat-specific effects of 
particle size, current velocity, water depth, and predation risk on size-dependent 
crayfish distribution. Hydrobiologia, 716(1): 103-114.

Feldman, G. C. and C. R. McClain. 2010. Ocean Color Web, SeaWiFS Reprocessing, 
NASA Goddard Space Flight Center. Eds. Kuring, N., Bailey, SW.

Frank, K. T., R. I. Perry and K. F. Drinkwater. 1990. Predicted response of Northwest 
Atlantic invertebrate and fish stocks to CO2 induced climate change. Trans. Am. 
Fish Soc., 119: 353–365.

Fricke, R., W. N. Eschmeyer and R. van der Laan (eds). 2020. ESCHMEYER’S CATALOG 
OF FISHES: GENERA, SPECIES, REFERENCES. (http://researcharchive.calacademy.
org/research/ichthyology/catalog/fishcatmain.asp). Electronic version accessed 21 
August 2020.

Froese R., D. Pauly 2020. FishBase. World Wide Web electronic publication. Available 
at: www.fishbase.org (Accessed 14 Oct 2020).

Gomes, V. H., S. D. IJff, N. Raes, I. L. Amaral, R. P. Salomão, L. de Souza Coelho and J. 
E. Guevara. 2018. Species Distribution Modelling: Contrasting presence-only

Hoegh-Guldberg, O. and J. F. Bruno. 2010. The impact of climate change on the 
world’s marine ecosystems. Science, 328 (5985): 1523-1528.

Hu, S., J. Sprintall, C. Guan, M. J. McPhaden, F. Wang, D. Hu and W. Cai. 2020. Deep-
reaching acceleration of global mean ocean circulation over the past two decades. 
Sci. Adv., 6(6): eaax7727.

Hutchings, J. A. 2000. Nature, 406 (6798): 882–885.
IPCC. 2007. Climate Change 2007: Impacts, Adaptation and Vulnerability. Contribution 

of Working Group II to the Fourth Assessment Report of the Intergovernmental 
Panel on Climate Change, M. L. Parry, O. F. Canziani, J. P. Palutikof, P. J. van der 
Linden and C. E. Hanson, Eds., Cambridge University Press, Cambridge, UK.

IPCC. 2014. Climate Change 2014: Synthesis Report. Contribution of Working Groups 
I, II and III to the Fifth Assessment Report of the Intergovernmental Panel on 
Climate Change [Core Writing Team, R. K. Pachauri and L.A. Meyer (eds.)]. IPCC, 
Geneva, Switzerland, 151 pp.

Johnson, J., J. Cook and A. Chin. 2018. Effects of Climate Change on Fish and Shellfish 
Relevant to Pacific Islands, and the Coastal Fisheries they Support. Pacific Marine 
Climate Change Report Card Science. Commonwealth Marine Economies 
Programme, p. 74-98.

Laj, A. H. 1987. Variations in meristic characters of Nematalosa nasus from Iraqi and 
Kuwaiti waters. Jpn. J. Ichthyol., 33(4): 422-425.

Marshall, C. E., G. A. Glegg and K. L. Howell. 2014. Species distribution modelling to 
support marine conservation planning: The next steps. Marine Policy, 45: 330-332.

Merow, C., M. Smith and J. A. Silander. 2013. A practical guide to Maxent: what it 
does, and why inputs and settings matter. Ecography, 36: 1– 12.

Mohsin, A. K. M. and M. A. Ambak.1996. Marine Fishes and Fisheries of Malaysia and 
Neighboring Countries, Serdang, Malaysia: Univ. Pertanian Malaysia Press. 744 pp.

Molinos, J. G., B. S. Halpern, D. S. Schoeman, C. J. Brown, W. Kiessling, P. J. Moore, J. 
M. Pandolfi, E. S. Poloczanska, A. J. Richardson and M. T. Burrows. 2016. Climate 
velocity and the future global redistribution of marine biodiversity. Nat. Clim. 
Change. 6(1): 83-88.

Mu, X., W. Zhen, X. Li, P. Cao, L. Gong and F. Xu. 2019. A study of the impact of 
different flow velocities and light colors at the entrance of a fish collection system 
on the upstream swimming behavior of juvenile grass carp. Water, 11(2): .322.

Muhling, B., M. Lindegren, L. W. Clausen, A. Hobday and P. Lehodey. 2017. Impacts 
of climate change on pelagic fish and fisheries. Climate Change Impacts on 
Fisheries and Aquaculture: A Global Analysis, 2: 771-814.

Mukherjee, M., V. R. Suresh, R. K. Manna, D. Panda, A. P. Sharma and M. K. Pati. 2016. 
Dietary preference and feeding ecology of Bloch’s gizzard shad, Nematalosa 
nasus. J. Ichthyol., 56(3):373-382

Nielsen, D. L., H. Gigney and G. Watson. 2010. Riverine habitat heterogeneity: the role 
of slackwaters in providing hydrologic buffers for benthic microfauna. 
Hydrobiologia, 638(1): 181.

Nye, J. A., J. S. Link, J. A. Hare and W. J. Overholtz. 2009. Changing spatial distribution 
of fish stocks in relation to climate and population size on the Northeast United 
States continental shelf. Mar. Ecol. Prog. Ser., 393: 111-129.

Phillips, S. J., R. P. Anderson and R. E. Schapire. 2006. Maximum entropy modeling of 
species geographic distributions. Ecol. Model., 190: 231–259.

Phillips, S. J., M. Dudık, J. Elith, C. H. Graham, A. Lehmann, J. Leathwick and S. Ferrier. 
2009. Sample selection bias and presence-only distribution models: implications 
for background and pseudo-absence data. Ecol. Appl., 19:181–197.

models with plot abundance data. Sci. Rep., 8(1): 1-12. 
GBIF.org (17 February 2021) GBIF Occurrence https://doi.org/10.15468/dl.x3wdp3



Journal of the Marine Biological Association of India Vol. 62, No.2, July-December 2020

S. Swathy et al.

78

Poloczanska, E. S., C. J. Brown, W. J. Sydeman, W. Kiessling, D. S. Schoeman, P. J. 
Moore, K. Brander, J. F. Bruno, L. B. Buckley, M. T. Burrows and C. M. Duarte. 
2013. Global imprint of climate change on marine life. Nat. Clim. Change, 3(10): 
919-925.

Ramya, V. C., S. Benakappa, H. N. Anjanayappa, E. G. Jayaraj, S. R. Somashekara and 
V. Mahesh. 2016. Reproductive biology of Nematalosa nasus (Bloch, 1795) off 
Mangalore coast, Karnataka. J. Exp. Zool. India, 19(1): 313-319.

Rhein, M., S. R. Rintoul, S. Aoki, E. Campos, D. Chambers, R. A. Feely, S. Gulev, G. C. 
Johnson, S. A. Josey, A. Kostianoy, C. Mauritzen, D. Roemmich, L. D. Talley and F. 
Wang. 2013: Observations: Ocean. In: Climate Change 2013: The Physical 
Science Basis. Contribution of Working Group I to the Fifth Assessment Report of 
the Intergovernmental Panel on Climate Change [Stocker, T. F., D. Qin, G-K. 
Plattner, M. Tignor, S. K. Allen, J. Boschung, A. Nauels, Y. Xia, V. Bex and P. M. 
Midgley (eds.)]. Cambridge University Press, Cambridge, United Kingdom and 
New York, NY, USA.

Riede, K. 2004. Global register of migratory species: from global to regional scales, in 
Final Report of the R and D-Project 808 05 081, Bonn: Fed. Agency Nat. Conserv.

Rosenfeld, J. S., K. Campbell, E. S. Leung, J. Bernhardt and J. Post. 2011. Habitat 
effects on depth and velocity frequency distributions: Implications for modeling 
hydraulic variation and fish habitat suitability in streams. Geomorphology, 130 
(3-4): 127-135.

Rougier T., G. Lassalle , H. Drouineau, N. Dumoulin, T. Faure, G. Deffuant , E. Rochard 
and P. Lambert. 2015. The Combined Use of Correlative and Mechanistic Species 
Distribution Models Benefits Low Conservation Status Species. PLoS ONE  
10 (10): e0139194.

Roxy, M. K. and C. Gnanaseelan. 2020. Indian Ocean Warming. In: Raghavan, K., 
Jayanarayanan, S., Gnanaseelan, C., Mujumdar, M., Kulkarni, A., Chakraborty, S. 
(eds) Assessment of Climate Change over the Indian Region. Springer, Singapore.

Roxy, M. K., A. Modi, R. Murtugudde, V. Valsala, S. Panickal, S. Prasanna Kumar, M. 
Ravichandran, M.Vichi and M. Lévy. 2016. A reduction in marine primary 
productivity driven by rapid warming over the tropical Indian Ocean. Geophys. 
Res. Lett., 43(2): 826-833

Royce, W. F. (Ed.). 1996. 5–Food Chain and Resource Organisms. In Introduction to the 
Practice of Fishery Science. San Diego: Academic Press. p. 92–134.

Supraba, V. A., P. Dineshbabu, Sujitha Thomas, Prathibha Rohit, K. M. Rajesh and P. U. 
Zacharia. 2016. Climate influence on oil sardine and Indian mackerel in 
southeastern Arabian Sea. Int. J. Develop. Res., 6(8):9152-9159.

Taher, M. M. 2010. Specialization, trophic breadth and diet overlap of thirteen small 
marine fish species from Shatt Al-Basrah Canal, Southern Iraq. Marsh Bull., 5: 
118–130.

Talwar, P. K. and R. K. Kacker, 1984. Commercial Sea Fishes of India, Calcutta: Zool. 
Surv. India. p. 1-997.

Vivekanandan, E., M. Rajagopalan and N. G. K. Pillai. 2009. Recent Trends in Sea 
Surface Temperature and its Impact on Oil Sardine. In: Global Climate Change and 
Indian Agriculture. Indian Council of Agricultural Research, New Delhi, p. 89-92.

Voosen, P. 2020. Climate change spurs global speedup of ocean currents, Science, 
367(6478): 612-613.

Wafar, M., K. Venkataraman, B. Ingole, S. A. Khan and P. Loka Bharathi. 2011. State of 
knowledge of coastal and marine biodiversity of Indian Ocean countries. PLoS 
one, 6(1): e14613.

Wang, L., L. A. Kerr, N. R. Record, E., Bridger, B. Tupper, K. E. Mills, E. M. 
Armstrong and A. J. Pershing. 2018. Modeling marine pelagic fish species 
spatiotemporal distributions utilizing a maximum entropy approach. Fish. 
Oceanogr., 27: 571-586.

Warren D. L. and S. N. Seifert. 2011. Ecological niche modeling in Maxent: the 
importance of model complexity and the performance of model selection criteria. 
Ecol Appl., 21(2):335-42.

Whitehead, P. J. P. 1985. Clupeoid fishes of the world (Suborder Clupeoidei). An 
annotated and illustrated catalogue of the herrings, sardines, pilchards, sprats, 
shads, anchovies and wolf‐herrings. Part 1-Chirocentridae, Clupeidae and 
Pristigasteridae. FAO Fisheries Synopsis No. 125. Rome: FAO.

Wilson, S. K., R. Fisher, M. S. Pratchett, N. A. J. Graham, N. K. Dulvy, R. A. Turner, A. 
Cakacaka, N.V. Polunin and S.P. Rushton. 2008. Exploitation and habitat 
degradation as agents of change within coral reef fish communities. Glob. Change 
Biol., 14(12): 2796-2809.




